
R E S E A R CH A R T I C L E

Monitoring sustainable development goals and the quest
for high-quality indicators: Learning from a practical
evaluation of data on corruption

Giulia Mugellini | Jean-Patrick Villeneuve | Marlen Heide

Institute of Communication and Public Policy

(ICPP), Università della Svizzera Italiana (USI),

Lugano, Switzerland

Correspondence

Giulia Mugellini, Institute of Communication

and Public Policy (ICPP), Università della

Svizzera Italiana (USI), via G. Buffi 13, 6900

Lugano (Switzerland).

Email: giulia.mugellini@usi.ch

Abstract

Tracing progress in implementing the sustainable development goals (SDGs) is at the core

of pushing and accounting for change. However, monitoring SDGs is challenged by a lack

of purpose-fit and high-quality indicators based on data that are collected through a sound

methodology, generated regularly, comparable over time, and publicly accessible. Assessing

and improving the quality of existing data is essential for helping countries to generate an

evidence base for action. General criteria for evaluating data quality are already available

at the national and international level but their practical operationalization for the assess-

ment of specific SDGs indicators is still underdeveloped. Taking target 16.5 as a case

study, this paper evaluates the quality of existing corruption surveys and their relevance

for SDGs. Results show that the main challenges concern data validity (they measure only

one aspect of corruption), comparability (they use culturally biased definitions), periodicity

(they are not regularly developed), and raw-data accessibility. This paper develops an origi-

nal framework for benchmarking the overall methodological quality of existing corruption

metrics. This framework can be used beyond the immediate context of corruption mea-

surement and SDGs assessment. The same logic and methodology can, indeed, be

employed to evaluate the quality of other metrics and support national governments and

practitioners in identifying the informational and methodological gaps to be addressed in

order to improve and make the best use of available statistical information.
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1 | INTRODUCTION

The United Nations Agenda for Sustainable Development1 identifies

17 goals to be achieved by member states by 2030. In order to monitor

the progress of the sustainable development goals (SDGs), the United

Nations Statistical (UNStats) Commission approved a global framework

of indicators (UN SDGs indicators) (Endnote 1).

The UN SDGs indicators are assessed by the international com-

munity according to their methodological development (whether the

indicators have an established international methodology and

standards), and data availability (to what extent data on SDGs indica-

tors are available across Member States). The methodological

development is periodically assessed by the UN itself (Endnote 1).

Moreover, experts have taken stock of the data readily available for
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SDGs assessment (see for example Allen et al., 2018; Eurostat, 2020;

Sachs et al., 2020).

In addition, available data have been used to evaluate countries'

performance with regard to the progress in SDGs implementation

(Miola & Schiltz, 2019; Lafortune et al., 2018; Sachs et al., 2018;

OECD, 2017; Eurostat, 2018).

However, the quality of available data used to monitor specific SDGs

seems understudied. For countries to implement SDGs, it is critical to have

an evidence-base for action (Allen et al., 2018) and to know the quality of

this evidence. Yet, ensuring the quality of existing data enables countries

to assess their performance, comply with inter-organizational cooperation

requirements (Batini & Scannapieco, 2006), and develop more targeted

policies (Chengalur-Smith et al., 1999)–within the context of the SDGs

and beyond. Furthermore, the possibility of using sound existing data is

normally more cost-effective than the collection of new ones.

While general criteria for evaluating data benchmarking SDG

indicators are included in the United Nations National Quality Assur-

ance Frameworks Manual for Official Statistics (United Nations,

2019), more practical applications of these generic quality dimen-

sions to specific SDGs targets are still underdeveloped. Quality

assessment frameworks addressing specific SDGs targets would be

useful for national governments to identify informational and meth-

odological gaps that need to be addressed to develop solid and sus-

tainable monitoring systems.

Ensuring data quality is particularly challenging when measuring

human behaviors and social phenomena. Their complexity and inferential

nature make them difficult to be translated into functioning and measur-

able indicators and might lead to validity and reliability issues (Drost, 2011).

SDG Target 16.5 represents an interesting case study for assessing the

quality of data for SDGs, notably since it refers to a social phenomenon

corruption–which is intrinsically difficult to define and measure.

The complexity of corruption in terms of definition and measurement

has been widely recognized by scholars (Beeri & Navot, 2013;

Bussell, 2015; Graycar, 2015; Gupta, 1995; Heywood, 2017; Heywood &

Rose, 2014; Jancsics, 2019; Knack, 2007; Mungiu-Pippidi &

Dadašov, 2016; Rose, 2018; Sequeira, 2012, UNODC & UNDP, 2018).

Corruption is a multi-faceted phenomenon that involves different actors,

behaviors and activities. The concept is broad and there is no consensus

on a standardized, exhaustive definition. This creates a problem for the

validity of corruption metrics (Rose, 2018; Thatcher, 2010), which requires

that an indicator adequately reflects the concept to be measured.

Sample surveys are generally favored to measure experiences of

corruption directly from those involved/impacted, be they citizens,

businesses or civil servants, and thus overcome non-reporting prob-

lems affecting criminal justice statistics (Blind, 2011; Herrera

et al., 2007; Jandl, 2017; Knack, 2007; Lynch, 2006; Sequeira, 2012;

UNODC-UNDP, 2018). A major question is whether existing corrup-

tion surveys can be used to monitor Target 16.5. While some scholars

have critically analyzed the method and content of international and

European corruption surveys (Chabova, 2017; Malito, 2014;

Wysmulek, 2019), national corruption surveys have so far not been

evaluated neither with regard to their relevance for monitoring SDG

Target 16.5, nor with regard to their quality.

Taking Target 16.5 as a case study, this paper evaluates the qual-

ity of existing surveys' data for measuring progress implementing the

UN SDGs. Besides assessing baseline data for Target 16.5, this paper

develops an original framework for benchmarking the overall method-

ological quality of existing corruption metrics considering validity,

accuracy, comparability, periodicity, and raw-data accessibility. This

framework can be also used by national government representatives

and practitioners to assess and improve the quality of existing data

collection on corruption. National institutional and international sur-

veys have been analyzed and used to test and “calibrate” the quality

assessment framework due to their methodologically accurateness

and relevance for SDGs bench-marking. The testing of the frame-

work and the analysis of existing corruption surveys might facilitate

secondary data use by academics and practitioners. It might also sup-

port the ex-post harmonization of survey data necessary to compare

surveys results across countries. Furthermore, it provides a reposi-

tory of information on existing official corruption surveys and raises

awareness among potential users of the existing data richness. On a

more general level, the same logic and methodology used to develop

this framework can be used to evaluate the quality of data and met-

rics referring to other phenomena, and thus support national govern-

ments and practitioners in making the best use of available statistical

information.

2 | SCOPE, MATERIALS AND METHODS

The scope of this paper is to raise awareness on the importance of

evaluating and improving the quality of existing data to generate an

evidence base for action, and provide policymakers, practitioners and

academics with the logic and methodology that can be used for

assessing the quality of this evidence and its relevance for the UN

SDGs. Data on corruption and UN SDGs Target 16.5 are taken as case

study to achieve this scope.

In particular, this paper aims to:

1. Identify the international goals and methodological standards for data

quality in general and for corruption measurements in particular, with

a special focus on UN SDGs requirements (see section “Existing
criteria for assessing data quality of SDGs indicators”).

2. Develop an original framework that translates general criteria for

data quality into more practical standards for assessing corruption

measurements (see section “The Quality Evaluation Framework

for SDGs target 16.5”)
3. Test the applicability of the framework for corruption data quality

on a set of existing surveys (see section “Testing the QUEST 16.5”).

In order to fulfill the above-mentioned objectives, this paper follows a

four-step methodology:

1. Literature review of the main international goals and methodologi-

cal standards for the quality of data with a specific focus on UN

SDGs requirements;
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2. Literature review of international and methodological standards

for the quality of corruption measurements;

3. Identification of the existing national and cross-national population

and business corruption surveys developed by national statistical

offices or other governmental agencies, by international agencies,

and non-profit organizations;

4. Quality assessment of the content (e.g., types of corruption covered,

formulation of questions and types of items included to gain further

insights on corruption experience), and methodology (e.g., data collec-

tion method, sampling method) of the identified surveys.

The first two steps are necessary to build the framework, the third

step is necessary to identify the set of surveys on which to test the

framework, the fourth steps clarifies how the quality of the identified

surveys has been assessed using the framework.

2.1 | Existing criteria for assessing data quality of
SDGs indicators

All SDGs indicators are classified by the Inter-agency and Expert

Group on SDG Indicators (IAEG-SDGs) into three tiers based on their

level of methodological development and the availability of data at

the global level.2 However, this classification system does not assess

the quality of the existing data on specific indicators, but only con-

sider their conceptual clarity, the availability of an internationally

established methodology and standards and the periodicity of data

production at national level.

Data quality is recognized as a relevant issue for performance,

both in relation to inter-organizational cooperation requirements

(Batini & Scannapieco, 2006) and for decision-making activities

(Chengalur-Smith et al., 1999). Improving the quality of existing data

can help countries to identify data to assess SDGs performance and

develop policies accordingly. The use of existing data is normally more

cost-effective than the collection of new ones.

General criteria for evaluating the quality of data to benchmark

SDG indicators are included in the United Nations National Quality

Assurance Frameworks Manual for Official Statistics-UN NQAF Man-

ual (United Nations, 2019).

The UN NQAF identifies the relevant principles to be assured

while managing statistical process are:

1. Methodological soundness: statistical agencies should use sound sta-

tistical methodologies based on internationally agreed standards,

guidelines or best practices in developing and producing statistics.

2. Cost-effectiveness: statistical agencies should assure that

resources are effectively and efficiently used.

3. Managing the respondent burden: data collection should be bal-

anced against production costs and the burden placed on

respondents.

According to the UN NQAF, the relevant principles for ensuring the

quality of statistical output are:

1. Relevance: Statistical information needs to satisfy user needs, con-

sidering the needs for global, regional, and national monitoring.

Relevance is subjective and depends upon the varying needs of

users (United Nations, 2019, p. 25).

2. Accuracy reflects the degree to which the information correctly

describes the phenomena it was designed to measure, the degree of

closeness of estimates to true values (United Nations, 2019, p. 8).

3. Reliability refers to the consistency of a measure over time and

other conditions (Drost, 2011, p. 106), to the closeness of the ini-

tially estimated value(s) to the subsequent estimated value(s)

(United Nations, 2019, p. 8).

4. Timeliness and punctuality: Timeliness refers to how quickly—after

the reference date or the end of the reference period–the data

and statistics are made available to users. Punctuality refers to

whether data and statistics are delivered on the promised, adver-

tised or announced dates.

5. Accessibility and clarity: statistics have to be found and obtained

without difficulty (accessibility), be available and accessible to all

users on an impartial and equal basis in various convenient formats

in line with open data standards, and be presented clearly and in

such a way that they can be understood and properly used. Provi-

sion should be made for allowing access to microdata for research

purposes, in accordance with an established policy that ensures

statistical confidentiality.

6. Coherence and comparability: statistics have to be consistent (coher-

ent), meaning it should be possible to combine and make joint use of

related data, including data from different sources. Statistics should

be comparable over time and between geographic areas.

These principles can be used to assess the quality of existing national

data on specific SDGs targets. However, few practical applications of

these criteria to existing data collection have been developed (see for

example UNESCO Institute for Statistics, 2017, p. 31 to evaluate

national data on SDG 4–Education).

In order to address the scarcity of practical operationalization of

these quality dimensions for the assessment of specific SDGs targets,

this paper elaborates and operationalizes the above-mentioned princi-

ples to build a framework for corruption data quality (see Results).

In order to operationalize and contextualize the above-

mentioned quality criteria, this paper uses the benchmarks included

in the Manual on Corruption Surveys (UNODC-UNDP, 2018). This

Manual was developed in order to support member states in gener-

ating baseline data and enhancing their data collection capacity, and

represents the most recent and comprehensive guide for collecting

primary corruption data developed by an international organization

(UNODC-UNDP, 2018).

2.2 | Challenges in defining and measuring
corruption

The reason for choosing corruption measurements as a reference

for creating a practical framework on SDGs data quality is twofold.

MUGELLINI ET AL. 1259



First of all, fighting corruption is recognized as an important condition

for the successful achievement of all the 17 SDGs (Rubio &

Andvig, 2019). The 2030 Agenda recognizes corruption as an obstacle

for sustainable development and devotes target 16.5, to “Substan-
tially reduce corruption and bribery in all their forms”.3

Secondly, the complexity of corruption and the lack of a standard

and exhaustive definition (Heywood, 2017) inevitably affects the

validity4 of corruption metrics (Rose, 2018; Thatcher, 2010), and

makes the assessment of corruption metrics an interesting case study

for data quality evaluation more in general.

The most widely adopted definition of corruption is the one pro-

posed by Transparency International (2013): “the abuse of entrusted

power for private gain”. While being synthetic and covering a broad

range of corrupt activities, this definition has been increasingly criti-

cized by academics. Criticisms mainly concern the normative and moral

nature of this definition (Rose, 2018), the difficulty of identifying what

constitutes an abuse (Heywood, 2017, p. 2), and the use of the term

“gain” instead of “personal interest” (Marquette & Pfeiffer, 2015, p. 3).

Furthermore, this definition is mainly based on a conception of corrup-

tion derived by the economic paradigm and principal-agent model and

lacks an individual-level psychological lens considering the influence of

power, self-control, loss aversion and risk acceptance (Dupuy &

Neset, 2018). Another shortcoming related to existing definitions of

corruption concerns the lack of attention to situational aspects that

may influence corrupt behaviors (De Graaf, 2007, pp. 45–46). Another

shortcoming of Transparency International's definition concerns the

over-simplification of corruption and the lack of a clear understanding

and definition of the specific behaviors constituting this phenomenon

(Mugellini, 2020).

In order to address these issues, typologies have been often used

to better distinguish corrupt behaviors not only on the basis of specific

mechanisms, attributes, procedures and sectors, but also in relation to

precise personal attitudes and motivations. The most common classifi-

cations of corruption are those distinguishing between grand and petty

corruption (Rose-Ackerman, 1978), administrative and political corrup-

tion (Gould, 1991; Huberts, 1998; Navot, 2014, Holmes, 2015;

OECD, 2015; World Bank, 2003), illegal and legal corruption

(Kaufmann & Vicente, 2011; Maciel & De Sousa, 2018); the type of

gain (tangible or intangible) involved in the transaction (UNODC, 2006;

OECD, 2007; OECD, 2008; Villeneuve et al., 2019) and the principal's

or agent's motivation for participating in the transaction (collusive

vs. extortionary corruption) (Bauhr & Grimes, 2017; Jancsics, 2019;

Ryvkin et al., 2017).

The complex nature of corruption inevitably affects also the mea-

surement and policing of corrupt behaviors. Furthermore, as far as

corruption is an illicit hidden behavior often characterized by some

sort of collusion and co-responsibility of all parties in the corrupt

transaction, it is rarely reported to competent authorities and/or dis-

covered (Mugellini, 2020). As a consequence, administrative data on

corruption, collected by criminal justice institutions (i.e., police, prose-

cution, courts) and anti-corruption authorities, suffer from a very high

“dark figure” (the difference between the number of crimes experi-

enced by a specific subject in a specific context and the number of

officially recorded crimes). The lack of reliable data affects the possi-

bility of inferential reasoning that is an essential process for under-

standing complex social phenomena.

Several attempts have been made to overcome the hidden nature

of corruption. Perception-based metrics of corruption flourished

in the 1990s with the aim of quantifying subjective opinions and

perceptions of corruption among citizens, business representatives,

civil servants or other stakeholders (e.g., Transparency International

Corruption Perception Index). In the same period, indirect measures

of corruption entailing a combination of subjective assessments,

perceptions and other data that might be linked to corruption, also

emerged (i.e., expert assessments and composite indices such as the

World Bank Governance Indicators, the Global Integrity Index by

Global Integrity and the Index of Public Integrity). These methods

are mainly used for advocating for the fight against corruption,

for awareness-raising activities guiding policy makers, investors and

donors. Several scholars (Heywood & Rose, 2014; Knack, 2007;

Mungiu-Pippidi & Dadašov, 2016; Sequeira, 2012; UNODC-

UNDP, 2018) have highlighted validity, accuracy and explanatory

shortcomings related to these methods. From a conceptual point of

view, they were mainly criticized because they combine different

types and shades of corruption, large number of variables referring

to a wide spectrum of phenomena (Knack, 2007; Sequeira, 2012;

UNODC-UNDP, 2018). Furthermore, perceptions-based corruption

assessments appear to measure primarily administrative corruption

rather than “state capture,” or other corrupt behaviors, and appear

to measure corruption in public procurement particularly poorly

(Knack, 2007). Moreover, they often rely on individual believes and

are sensitive to scandals, press reports, and political rhetoric but

they rarely reflect the real level of corruption (Sequeira, 2012). For all

these reasons they provide limited support for targeted evidence-

based policy action (Knack, 2007; Sequeira, 2012).

Sample surveys have arisen as a reaction to these shortcomings.

They can be used to collect data on both the perception and the experi-

ence of corruption on a representative sample of population

(e.g., households, businesses, civil servants, etc.). They are based on solid

and transparent methodology that is often standardized at international

level, and use non-legal corruption definitions (Mugellini, 2020). For this

reason, they provide data comparable across countries. Sample surveys

also allow the gathering of micro-level data not only on corruption cases,

but also on affected individuals (bribe payers and receivers) and their

demographic, social, and economic background (Lynch, 2006; UNODC-

UNDP, 2018). This information is fundamental to creating effective

reforms and monitoring their efficiency. The main limits of sample sur-

veys on corruption are linked to potential non-disclosure of information

by the interviewees. However, this issues can be kept under control

through a sound questionnaire design and wording. Sample surveys are

also often accused to focus on the easiest concepts to measure, even if

that means misinterpreting the prevalence and nature of corruption

and focusing on corruption problems that are not the most relevant for

that specific country or sector (Andersson, 2016; Chabova, 2017;

Knack, 2007). In particular, sample surveys seem to mainly measure

administrative corruption (Knack, 2007, p. 6). Even if business surveys
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can provide information on some aspects of state capture (e.g., improper

influence over laws and regulations affecting business) (Knack, 2007,

p. 6), it is very unlikely that surveys will collect information on corrupt

transactions occurring entirely within the state or on conflict of interest

(World Bank, 2000). Chabova (2017) also highlights how public opinion

surveys analyze only bribery, in many cases only passive bribery

(i.e., whether the respondent has experienced request or hint for bribery)

(Chabova, 2017, p. 1879). While bribery is easy to measure and to iden-

tify, it leads to a focus on low level corruption thus disregarding potential

problems of systemic corruption. The focus on passive bribery only

has also consequences on the choice of anti-corruption responses

because being requested a bribe is a very different concept and entails

different mechanisms and motivations than actually paying the bribe

(Chabova, 2017; Villeneuve et al., 2019). The high costs for conducting

sample surveys is also frequently mentioned among their shortcomings

(UNODC-UNDP, 2018).

Despite these issues, sample surveys are widely recognized as the

most appropriate tool for collecting corruption data and for complying

with the methodological soundness requested for their estimation

(UNODC-UNDP, 2018; Jandl, 20175). Sample surveys are also consid-

ered the best method to collect data for building the two indicators, one

for individuals (16.5.16) and one for businesses (16.5.27), identified by

the UNStats for monitoring corruption under the umbrella of SDGs

(Mugellini & Villeneuve, 2019; UNODC-UNDP, 2018; Jandl, 2017).

2.3 | Existing national and cross-national
corruption surveys

The identification of surveys to test our framework on corruption data

quality is partially based on the results of a desk review carried out in

2016–2017 within the context of an UNODC-UNDP project8 that

sought to determine the main corruption measurement tools devel-

oped at the national, regional and international level (Mugellini, 2018).

This desk review has been completed and updated by the authors in

order to cover surveys developed between 2005 and 2019. The sea-

rch was conducted within electronic databases, journals and websites.

In particular, online websites and databases of: (a) national statistical

offices and other governmental agencies (e.g., Ministries of the Inte-

rior, Ministry of Justice, Anti-Corruption Commissions, etc.) from dif-

ferent countries; (b) international agencies (e.g., the World Bank, the

European Bank for Reconstruction and Development, the World Eco-

nomic Forum, the United Nations Office on Drugs and Crime, USAID);

(c) international non-governmental organizations (e.g., Transparency

International). The literature search was based on selected keywords

(i.e., type of corruption; type of instrument; focus of the instrument;

target population), searched separately and in combination. These

keywords had been translated in French, German, Italian. and Spanish.

Furthermore, the authors consulted a group of relevant scholars and

international experts on corruption (i.e., members of the United

Nations Office on Drugs and Crime Task force on Corruption Mea-

surement, UNCAC Coalition, Transparency International, Open Gov-

ernment Partnership Initiative, and representatives of National

Statistical Offices in countries with a long-standing experience in

corruption surveys) in order to validate the completeness of the iden-

tified surveys' list.

The identification of both national and cross-national surveys is

based on the following selection criteria:

1. Main scope of the survey: specialized surveys on corruption and other

sample surveys (e.g., victimization surveys, governmental, environ-

mental and social surveys, etc.) including a set of questions (at least

two) on experiences with corruption are eligible for inclusion.

2. Institutional/governmental nature of the responsible agency: only

national surveys developed by national institutional agencies

(i.e., national statistical offices, or governmental agencies), and

cross-national surveys carried out by international intergovern-

mental organizations (i.e., the United Nations, the World Bank, the

Organization of American States, the European Commission), and

international non-governmental organizations (i.e., Transparency

International) are eligible for inclusion. The reason for this selection

criterion is twofold: (a) as far as the selected surveys will be used

to test and also “calibrate” our quality assessment framework, we

prefer to focus on surveys that are usually considered methodolog-

ically accurate in order to ensure the best calibration. Academic

surveys can be more valid in terms of content and problems con-

ceptualization, but surveys developed by national statistical offices

(NSOs) usually meet higher standards of methodological accuracy

and reliability. Indeed, NSOs usually have adequate resources and

infrastructures to address larger samples, use expensive data

collection-methods such as face-to-face or CATI and access popu-

lation and business registries for sample selection); (b) national

institutional surveys are also more likely used by government for

SDGs bench-marking. Indeed, national statistical systems play a

leading role in the implementation and monitoring of the SDGs

indicators framework (UNDP-UNODC, 2018). NSOs are officially

involved and consulted by the custodian agencies9 for compiling

international statistics, producing regional and global aggregates

and contributing to annual SDG progress reports, feeding into the

follow-up and review processes (UNDP-UNODC, 2018, p. 19).

The abovementioned international organizations are also relevant

insofar as they carry out the majority of national surveys in less

developed countries.

3. Target population: both population and business surveys are

included.

4. Update: surveys developed between 2005 and 2019.

5. Periodicity: only cross-national surveys conducted at least twice

are considered eligible. Periodicity was not used as selection crite-

rion for national surveys.

On the basis of these selection criteria, 33 national surveys and

11 cross-national surveys have been identified. Table 1 below groups

the identified surveys according to their focus (i.e., specialized on cor-

ruption and non-specialized), target population (population and busi-

ness), and geographical scope (national or cross-national).10 Specialized

surveys on corruption are those specifically developed for measuring

corruption issues, while non-specialized surveys are focused either on

general safety/victimization issues or other social/governmental/
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environmental issues, and include a set of questions on corruption

among other items. This distinction is relevant because specialized sur-

veys on corruption are designed and structured to handle and over-

come specific issues in collecting information on this complex

phenomenon, and this might affect their level of validity and accuracy.

The desk review identified a majority of non-specialized surveys

on corruption (27), among them there is a majority of victimization

surveys on individuals and surveys on governmental issues with a

block of corruption items (e.g., Governance, Democracy and Multiple

Dimensions of Poverty [GPS-SHaSA], the Life in Transition Survey;

the Afrobarometer and the Americas Barometer, etc.). Among the

three non-specialized cross-national business surveys, the World Bank

Enterprise Survey is the most updated and largest one. It covers

135 countries and it is often considered as a key-source of data for

SDGs indicator 16.5.2, even if it collects data on gift and informal pay-

ment only with regard to tax officials.11

Seventeen of the surveys are specialized on corruption. The

majority of them have been developed at national level, only three of

them are cross-national projects: The Global Corruption Barometer

(Transparency International), the Special Eurobarometer on Corrup-

tion and the Flash Eurobarometer on Corruption among businesses

(European Commission). Six out of nine national population surveys

specialized on corruption have been carried out by national statistical

institutes in cooperation with the United Nations Office on Drugs and

Crime. Similarly, nine out of 15 population non-specialized corruption

surveys have been conducted under the supervision of the United

Nations agencies. Notably across Latin American countries under the

UNODC Latin American and the Caribbean Crime Victimization Sur-

vey Initiative, and across African countries under the Data for Africa

initiative. Among national surveys on corruption, there are also pro-

jects “autonomously” developed by national agencies (i.e., in Chile;

Italy, Luxemburg; Mexico; the Philippines; Zambia).

Relevant survey documents (e.g., questionnaires, methodological

appendix, reports, etc.) were also reviewed for a comprehensive

assessment of survey quality.

3 | RESULTS

3.1 | The quality evaluation framework for SDGs
target 16.5

This section outlines the original framework developed by the

authors for assessing existing corruption survey that can be used

for monitoring SDGs target 16.5. The Quality Evaluation

Framework for Sustainable Development Data on target 16.5

(QUEST_16.512) (see Table 2 below) represents not only the first

methodological steps of this study but also its first practical contri-

bution and result.

The QUEST_16.5 mainly draws on the dimensions included in

the United Nations National Quality Assurance Framework

(UN NQAF) (United Nations, 2019) and operationalizes them (see

section “Existing criteria for assessing data quality of SDGs indica-

tors”) by integrating elements of international goals for computing

SDGs indicators on corruption, and methodological recommendations

for measuring corruption (UNODC-UNDP Manual on Corruption Sur-

veys). The UN NQAF has been chosen as a basis for the QUEST_16.5

because it is the most up-to-date framework on data quality developed

by an international agency and it specifically addresses the quality of

SDGs indicators.

The entire methodological process suggests the steps that should

be considered to obtain ad-hoc quality assessment frameworks for

other SDGs targets.

1. Relevance refers to the ability of surveys' results (statistical output)

to satisfy the needs of the user (United Nations, 2019, p. 8) and, in

particular, the needs for global, regional and national SDGs moni-

toring. For the purpose of this paper, relevance is determined

by evaluating whether the survey provides data useful to monitor

corruption development according to Target 16.5. SDGs indicators

on corruption suggest monitoring the level of corruption by

(a) including a screening question to detect those persons/business

who had contact with public officials in the previous 12 months,

(b) measuring bribes paid/given to public officials, and (c) bribes

requested by public officials but not paid, in the past 12 months.13

Ideally, all three elements (a, b, and c) should be covered by the

survey to produce relevant data for target 16.5. However, even

surveys collecting information only on (a) and (b) can provide a

reasonably close approximation of the prevalence rate of brib-

ery (Jandl, 2017, p. 118). Therefore, the relevance of existing

surveys' data has been evaluated as the ability of surveys to

provide information on (a) and (b) for each SDGs indicator on

corruption. Also the data disaggregation by type and sex of the

public official has been considered as relevant for SDGs. This

said, it is important to mention that SDGs indicators on corrup-

tion refer only to one specific form of corruption–bribery, and

this might be considered as a limitation. Indeed, as far as forms

of corruption are theoretically expected to vary across countries

(as well as within them), treating corruption as one-dimensional

phenomenon and using bribery as a suitable proxy of corruption

TABLE 1 Summary of identified
national and cross-national surveys
including issues of corruption

National surveys Cross-national surveys

TotalBusiness Population Business Population

Specialized corruption surveys 5 9 1 2 17

Non-specialized surveys 4 15 2 6 27

Total 9 24 3 8 44

Total 33 11 44
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across countries might lead to “misinterpretation of the preva-

lence and nature of corruption in the given setting, and to a

focus on corruption types/problems that are not the most press-

ing” (Andersson, 2016, p. 69). For this reason, the paper also

assesses the validity of existing surveys by checking the inclu-

sion of questions that might help to detect other forms of cor-

ruption than bribery (e.g., favoritism, vote buying, etc.).

2. Accuracy/Validity refer to the “closeness of estimates to the exact

or true values that the statistics were intended to measure”
(United Nations, 2019, p. 8) According to Drost (2011, p. 115)

there are four types of validity: statistical conclusion validity, inter-

nal validity, construct validity and external validity. For the purpose

of this paper, we mainly consider construct validity14 that refers to

how well a concept, idea or behavior is operationalized, translated

TABLE 2 The quality evaluation framework for sustainable development data on target 16.5 (QUEST_16.5)

Area Quality dimension Sub-dimension Operationalization Categories of the dimension

Statistical output 1. Relevance SDGs indicators on
corruption

Inclusion of questions on: (a)
contact with public
officials; (b) bribes paid/
given to public officials; (c)
bribes requested by public
officials but not paid

Yes = coverage of at least (a)
and (b)no = lack of coverage
of either (a) or (b), or both of
them

Statistical process (assuring
methodological
soundness) and
statistical output

2. Accuracy/validity N. Items covered Coverage of UNODC-UNDP
recommendations

For pop. Surveys: High (18–13
topics); medium (12–6); low
(less than 6)for business
surveys: High (21–14
topics); medium (13–7); low
(less than 7)

Question formulation Coverage of UNODC-UNDP
recommendations)

High (3 out of 3); medium (2
out of 3); low (1 out of 3)

3. Reliability UNODC-UNDP
methodological
recommendations

Recommendations on target
population; sampling unit
and respondents selection

Pop. Surveys: High (3 out of
3): Medium (2 out of 3); low
(1 out of 3)bus. Surveys:
High (4/4 out of 4); medium
(2 out of 4); low (1 out of 4)

UNODC-UNDP
methodological
suggestions

Suggestions on survey mode,
pilot survey, sample
design; sample size

Pop. Surveys: High (5/4 out of
5): Medium (3/2 out of 5);
low (1 out of 5)

Bus. Surveys: High (4/3 out of
4); medium (2 out of 4); low
(1 out of 4)

Statistical process and
output

4. Periodicity — N. of times the survey has
been done

High (more than twice),
medium (twice), low (once)

Statistical output 5. Accessibility Access to survey documents Publicly accessible
questionnaire;
methodology; executive
summary/introduction to
tool; reports with main
results

High (questionnaire,
methodology and analysis of
results available)medium (no
full questionnaire available
but reports/presentations
with main questions and
methodology)low (no full
questionnaire or
methodological details)

Access to raw data Publicly accessible raw data Yes; no

Statistical process and
output

6. Comparability Standards for questions Coverage of: (1) SDGs 16.5
key elements; and (2)
UNODC-UNDP
recommendations on
questions formulation

High (at least two of the three
elements of SDGs 16.5 and
all 3 recomm.); medium (at
least two of the three
elements of SDGs 16.5 and
at least 2 recomm.); low
(none of the three elements
of SDGs 16.5 and less than
3 of the recomm.)

Methodology standards Average of UNODC-UNDP
score for
recommendations and
suggestions

High (high score for recomm.
And sugg.); medium
(medium score for recomm.
And sugg.); low (low score
for recomm. Or sugg.)
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into a functioning and operating reality (Drost, 2011, p. 115). A

valid operationalization process ensures that a specific survey

measures what the researcher intended to measure. We determine

construct validity of existing surveys by evaluating the compliance

with UNODC-UNDP Manual's recommendations on the number

and types of questions on the experience of corruption and on

how to phrase them (see Table S1 in the Supporting Information

for further details).Besides the number and types of information

collected on a given phenomenon, the construct validity of a

survey-based measure is heavily dependent on the presence of

a detailed operational definition of the phenomenon under

investigation. A clear operational definition of corruption, con-

taining all the relevant attributes that define the particular

behavior, and using practical examples, induces respondents to

search their memories for events with all those attributes

(Lynch, 2006) and avoids them making personal interpretations

of the phenomenon at question (Mugellini, 2018). A precise

wording can facilitate the disclosure of an accurate response

and minimize memory decay and social desirability bias

(UNODC-UNDP, 2018). The UNODC-UNDP Manual on Corrup-

tion Survey, 2018, (p. 85) suggests to avoid the generic word

“bribery”, because in many cases respondents do not consider

their experience as a form of bribery, and instead refer to the

exchange of money, goods or favors.

3. Reliability refers to the consistency, stability, of the measurement

over time and other conditions (e.g., populations) For the purpose

of this paper, the reliability of existing surveys is determined by

assessing the compliance with international methodological recom-

mendations and suggestions on data collection methods and sam-

pling design (UNODC-UNDP, 2018). In particular, for population

surveys, the compliance with the following requirements have

been checked: (a) the target population refers to persons aged

18 years or older15; (b) the sampling unit refers to individuals and

not households (UNODC-UNDP, 2018, p. 72); (c) one respondent

is randomly selected in the household.16 With regard to recom-

mendations for business surveys, the compliance with the follow-

ing requirements have been checked: (a) the target businesses

belong to specific economic sectors and size (see Table S1 in the

Supporting Information for further details); (b) the sampling units

are individual business establishments (instead of business entity);

(c) the type of respondent is appropriate to the size of the business

(see Table S1 in the Supporting Information for further details).

In addition, it has been investigated whether (a) the survey mode is

based on face-to-face and CATI interviews17; (b) cognitive testing

and or pilot surveys have been conducted prior to the full survey;

(c) the survey sample is stratified by geographical conglomerates

(and sector, n. employees for business surveys); (d) the size of the

sample guarantees representatives results by main geographical

conglomerates.

4. Periodicity refers to the frequency of a measurement. For the pur-

pose of this paper, periodicity considers the number of waves of

surveys. Even if not specifically indicated in the UN NQAF, the

authors consider the periodicity of the survey as a relevant

dimension of quality. It indicates the continuity of the survey

(important for the statistical process), and the availability of recur-

rent data (important for the statistical output) that can be used for

policy design, policy evaluation, and policy learning.

5. Accessibility refers to the ease with which statistical information

can be obtained (United Nations, 2019, p. 8). For the purpose of

this paper, accessibility evaluates the availability of specific pub-

licly accessible documents on the surveys (i.e., Questionnaire;

Methodology; Executive Summary/Introduction to tool; Reports

with main results), and raw data. Data access is essential for

governments to measure the progress towards the Agenda 2030

and SDGs, and for the civil society and the public to track

progress.18

6. Comparability refers to the extent to which differences in statistics

from different geographical areas, non-geographical domains, or

over time, can be attributed to differences between the true values

of the statistics (United Nations, 2019, p. 8) and not to differences

in the data collection methods or concepts operationalization. For

the purpose of this paper comparability of surveys' results is deter-

mined by evaluating whether the surveys follow international rec-

ommendations on how to structure corruption questions

(coverage of SDGs 16.5 key elements and UNODC-UNDP recom-

mendations) and on the data collection method (average of the

score obtained for the UNODC-UNDP methodological recommen-

dations and suggestions for reliability). This ensures that results

are comparable over time and between geographical areas. Com-

parability partially overlaps with the dimension of relevance, valid-

ity and reliability.

The analysis does not consider the dimensions of timeliness and punc-

tuality mentioned in the UN NQAF (United Nations, 2019, p. 8)

because it is generally difficult to determine when exactly surveys'

data was published or released by the responsible agency. Also the

coherence of surveys' results across datasets, over time and across

countries is not considered in this analysis because it would require

an ad-hoc research and detailed quantitative analyses of surveys'

results.

3.2 | Testing the QUEST 16.5

Having carefully designed the assessment framework, it will be used

to test the previously identified national and cross-national corruption

surveys. They are evaluated with regard to their content, methodol-

ogy, and results based on the QUEST_16.5 dimensions. Different

colors indicate different levels of quality for each dimension: high

(green), medium (yellow), and low (red). Blank cells indicates the lack

of data to evaluate that specific quality dimension. The overall quality

score is a synthetic indicator computed as an average of the scores on

each of the 10 quality sub-dimensions. It ranges from 3 (maximum

level of quality) to 0 (minimum level of quality). The following tables

include national surveys evaluation (Table 3) and cross-national sur-

veys assessment (Table 4).
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3.3 | Quality assessment of existing national
surveys on corruption

3.3.1 | Relevance

Twelve out of 24 identified national population surveys provide data

that are relevant for monitoring SDGs target 16.5. The same result is

registered for national business surveys, where four out of nine are

able to produce data for computing SDGs indicators on corruption.

All identified specialized corruption surveys are able to provide data

for monitoring SDGs target 16.5, except the State of Governance

National Survey in Zambia that does not include the screening ques-

tion on the contacts with public officials. Only four out of 18 non-

specialized surveys provide information for SDGs indicators on cor-

ruption. The main issue with this type of surveys is the lack of the

screening question on whether respondents had (or not) contacts

with public officials. The lack of this question significantly affects

the comparability of surveys' results because the percentage of

bribes will be different when computed as a ratio on the total num-

ber of interviewees, or as a ratio on those who had a contact with a

public official.

3.3.2 | Accuracy/validity

The main validity issue of corruption surveys is linked to the fact that

the majority of them cover only bribery and do not include other,

more complex, corruption types. There are a few exceptions: The Ital-

ian Citizens Safety Survey includes questions on vote buying and

favoritism; the corruption surveys in Ethiopia ask about favoritism

and nepotism, the Mexican Survey of Quality and Government Infor-

mation covers the misappropriation or other diversion of property by

a public official.

In addition, the majority of identified national surveys cover only

passive bribery,19 and neglect those cases when the citizen actively

offers a bribe to public officials. The main reason for this limited focus

of corruption surveys is to avoid non-responses due to social stigma

and social desirability, which is observed when respondents are asked

about acts of active bribery. Being requested a bribe entails different

practical and psychological mechanisms than actively offering a bribe.

Respondents, who feel they were obliged to pay a bribe, feel less

guilty or responsible, and are thus more likely to provide an accurate

answer. However, focusing on passive bribery only leads to a mis- and

underrepresentation of corruption.

The Manual on Corruption Survey (UNODC-UNDP, 2018,

p. 85) suggests to use a wider formulation of the main question on

corruption experience to include also those cases in which the

public officials did not ask for the bribe but the counterpart

offered it (i.e., “Did you have to give extra money, gift, a favor, etc.”).
Some of the most recent national surveys entail a similar strategy

(e.g., the Corruption survey in the Western Balkans, in Afghanistan, in

Nigeria, asks the following: “Did it happen that you had to give to any

of them a gift, a counterfavor or some extra-money…”), while other

surveys include a very direct question on active bribery (e.g., the Cor-

ruption Surveys in Nigeria 2016, 2019 ask: “During the last 12 months,

was there any occasion where you offered, directly or indirectly, to give

extra money or a gift to a public official (in addition to the correct

amount of official fees) for an issue or procedure related to his/her

function but the public official refused the offer?) in addition to passive

bribery.

Furthermore, the majority of identified surveys cover only bribes

paid/given to public officials but do not consider bribes requested but

not given. Despite the refusal of providing the bribe, such events are

also classed as bribery, as the UNCAC definition of bribery states

(UNODC-UNDP, 2018, p. 85). The lack of this information can affect

the validity of indicators 16.5.120 and 16.5.221 for SDGs monitoring.

Indeed, it impedes comprehensive measurement of the phenomenon

under investigation because it focuses only on those bribe requests

that have been paid. Among the identified national surveys, only

seven out of 33 include questions able to ascertain whether the

requested money, gift or favor was provided or not (i.e., the popula-

tion and business corruption surveys in Nigeria; the Italian Survey on

Citizens' Safety, the population and business surveys in the Western

Balkans; the Mexican Survey of Quality and Government Information;

the National Household Survey on Experience with Corruption in the

Philippines).

Data disaggregation is also relevant for the validity of survey data

because, by providing more details on the phenomenon, it contributes

to its better understanding and allow for more effective policies. Eight

out of 16 specialized corruption surveys disaggregate the prevalence

of bribery by type of public officials. However, this information is

missing in the majority of non-specialized surveys. They either collect

an aggregated figure or they distinguish by type of service instead

than by type of public officials.22 Five out of nine national business

surveys are able to provide information on the prevalence of bribery

by type of transaction/procedure. The majority of those are non-

specialized corruption surveys. Even if the majority of identified sur-

veys measure corruption experience by type of public officials, or pri-

vate entities, only few include follow-up questions on the types of

procedure during which corruption was expected, modus-operandi

(direct request or through an intermediary), type of requested benefit

and value of the benefit. The lack of this information affects validity

because it does not allow for the distinction between petty and grand

corruption, administrative and political corruption, favoritism and brib-

ery. All surveys include a question on the frequency of corruption

requests, highlighting the importance of understanding the recurrence

of this phenomenon and distinguishing between sporadic cases and

more “organized” mechanisms.

Specialized surveys provide a detailed operational definition of

corruption, while the majority of non-specialized surveys (both

national and cross-national) fail in the formulation of the question

on the experience of bribery. Indeed, they do not describe the cor-

ruption event under investigation but simply mention the term

“bribe”, “bribery” or “corruption”. In this way, they run the risk of

fostering social desirability bias. Business surveys show a higher

compliance with international benchmarks related to the
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formulation of the question on the experience of corruption than

population surveys.

3.3.3 | Reliability

The methodological accuracy of selected surveys is generally high.

The main problems concern the characteristics of the target popula-

tion and the way respondents are selected. Indeed, the majority of

victimization surveys focus on individuals aged 14 and older while the

recommendation for collecting accurate results on corruption among

individuals is to target people older than 18 who, in the majority of

countries, are legally considered to be adults and can interact with

public authorities. Incoherent respondents' age also affects the com-

parability of survey's results.

In addition, some of the identified surveys use households as

sampling unit, instead of individuals, and this can cause underesti-

mation of corruption prevalence and incidence, as the household

member selected as the respondent may not have complete infor-

mation about all contacts with public officials and relevant bribe

payments (UNODC-UNDP, 2018, p. 72).In some cases, respon-

dents are not randomly selected within a household, and this can

cause clustering effects, together with unnecessary burden for

respondents leading to inaccurate responses (UNODC-

UNDP, 2018, p. 75).

With regard to methodological suggestions,23 the majority of

national population surveys employ face-to-face interviews that

ensures high response rate and accuracy. All surveys are based on

large samples guaranteeing representatives results by main geographi-

cal conglomerates (and sector and number of employees for business

surveys). Information on the development of pilot surveys and cogni-

tive testing was not available in many cases.

3.3.4 | Periodicity

The majority of identified national surveys (18) have been carried out

only once between 2005 and 2019. However, seven specialized cor-

ruption surveys and six victimization surveys with a module on

corruption have been developed more than once.

3.3.5 | Accessibility

Relevant survey's documents (questionnaire, methodology and analy-

sis of results) are completely accessible for 16 out of 44 identified

surveys, more or less equally distributed across specialized and non-

specialized surveys. For the rest of identified surveys there is no

questionnaire available online, but reports/presentations with main

questions and methodology. This issue can negatively affect the inter-

pretability and use of the data by external users. The accessibility of

raw data is low for almost all identified survey, with the exception of

the surveys developed by the National Institute of Statistics

and Geography of Mexico (INEGI) that publishes raw data of several

surveys in different formats.

3.3.6 | Comparability

Only nine of the 32 identified national surveys show a high level of

comparability with regard to the content of the surveys (i.e., use

of international standard for the questions on the experience of cor-

ruption). The level of comparability, in terms of questions covered, is

higher for specialized corruption surveys than for non-specialized

ones. Indeed, many of the considered national victimization surveys24

follow international standards for victimization surveys and are

actually comparable with the International Crime Victims Surveys.

However, they still do not comply with international standards on the

measurement of corruption because they do not include a screening

question on contacts with public officials. When evaluating compara-

bility level, it is also important to consider the coverage of different

corruption and bribery types (active and passive). For example, com-

paring the results of surveys including both active and passive bribery

with the results of surveys covering only passive bribery would be

misleading in terms of bribery prevalence.

3.4 | Quality assessment of existing cross-national
surveys on corruption

On average, cross-national surveys show better results on almost all

dimensions of quality with the exception of validity. The methodologi-

cal quality of cross-national surveys is usually high but their ability of

measuring different facets of corruption, or simply different bribery

types, is weaker than national surveys. This issue affects the possibil-

ity of using results for policy-making.

3.4.1 | Relevance

All cross-national surveys collect relevant data for SDGs indicators

on corruption, except the International Victimization Survey

because it does not include a question on the contacts with public

officials.

3.4.2 | Accuracy/validity

Identified cross-national surveys show a low level of validity both in

relation to the questions' formulation and in terms of items covered.

Indeed, the majority of them mention the words “bribe”, “bribery” or

“corruption” in the main question on the experience of corruption,

instead of providing a more “neutral” and operational definition of

the phenomenon under investigation. The Special Eurobarometer on

Corruption complies with these recommendations and define corrup-

tion as “offering, giving, requesting and accepting money, gifts and
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favors to/for a public official in order to obtain a specific service, per-

form a procedure or avoid sanctions” (European Commission, 2017).

Similarly, the Life in Transition Survey, the Enterprise Survey, and the

Business Environment and Enterprise Performance Survey do not

directly mention sensitive words (i.e., bribery, corruption, etc.) in

the formulation on corruption experience. None of the cross-

national surveys is able to cover all recommended items for the

measurement of corruption. The lower number of questions is

mainly due to the need of ensuring the sustainability of the survey

across different countries, reduce respondents' burden and guaran-

tee consistent response rate. As mentioned for national surveys,

also the majority of cross-national surveys cover only passive brib-

ery (when the public official or private entity asks, solicits, or lets

the citizen understand a bribe is necessary to obtain a specific

service) (Chabova, 2017, p 1879). For example, the Special

Eurobarometer on Corruption targeted at individuals25 and busi-

nesses26 and the United Nations International Crime Victims

Survey.27 While the Global Corruption Barometer should be able to

capture both passive and active bribery as it asks “Have you paid a

bribe to any one of six public services in the past 12 months?”
(Transparency International, 2013, p. 31).

3.4.3 | Reliability

The level of methodological accuracy is high for the majority of cross-

national surveys. Minor issues are mainly related to the selection of

business entities instead of individual business establishments as ulti-

mate sampling unit for business surveys.

3.4.4 | Periodicity

All but one cross-national surveys have been carried out more than

twice during our reference period. This result highlights their solidity

in terms of methodology and the possibility of using their data to

monitor corruption over time.

3.4.5 | Accessibility

The level of accessibility of surveys' documents is high for all cross-

national surveys. However, microdata for five out of 11 surveys are

still not publicly accessible.

3.4.6 | Comparability

The level of comparability is high for the majority of cross-national

surveys. This result can be explained by the fact that these surveys

need to be developed in several countries and are coordinated by

those international agencies that are responsible for setting compa-

rability standards.

4 | DISCUSSION

The paper identifies 17 specialized surveys on corruption, and 27 sur-

veys including a set of questions on corruption in a more general

questionnaire. Results show a higher level of quality of specialized

surveys than general surveys with corruption-related modules, both

for national and cross-national projects. The analysis identified spe-

cific issues that limit the quality of existing data sources and more

generic challenges in measuring corruption. Some of the identified

issues represent minor deviances but do not generate problems

beyond the specific confines of the survey. Other aspects raise funda-

mental questions for the understanding of target 16.5 and allow to

identify systemic challenges and blockages in the generation and col-

lection of quality data for SGDs and policymaking as a whole

(e.g., international political value of indicators rather than local

usefulness).

4.1 | Different quality and use of cross-national
and national surveys

On average, cross-national surveys show better results on almost

every dimension of quality, with the exception of accuracy/validity. In

particular, cross-national surveys show more difficulties in dis-

entangling and covering different corruption and bribery types than

their national counterparts. They make corruption issues more com-

prehensible to target audiences and, by comparing and ranking coun-

tries on the extent of corruption, they attract attention and encourage

action. Thus, cross-national data seem to be more suitable for advo-

cacy and comparability purposes across countries and over time

rather than for policy-making. They can also be used, for example, to

identify effects of international recommendations and legislations,

to understand the role and effect of international and national anti-

corruption bodies, and on specific national anti-corruption regimes

(e.g., open data in public procurement).

National surveys, in contrast, are by definition focused on

national/local corruption issues. As a consequence, the range of cor-

ruption types included in national surveys is usually wider capturing

the national context better than cross-national surveys. For example,

the Italian population corruption survey covers not only bribery but

also vote buying and favoritism and includes a detailed set of ques-

tions on corruption in the health sector. Equally, the Italian survey on

businesses is mainly targeted at corruption in public procurement. The

focus of these surveys clearly highlight that in Italy there is a public

interest in collecting data for monitoring corruption issues in three

main sectors: health; public procurement and elections. The Mexican

survey uses a very specific definition of corruption and refers to direct

bribery requested by official, and bribery requested through an inter-

mediary. In Mexico, as well as in other Latin American countries, infor-

mal intermediaries (“tramitadores” or “coyotes”) frequently assist

individuals and firms with procedures at the government bureaucracy

(Fredriksson, 2014). Scientific evidence on this issue is extremely rele-

vant when planning anti-corruption policies that, in order to be
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effective, should target also these actors. Moreover, national surveys

usually entail larger samples than cross-national ones allowing for ana-

lyses that are representatives at a micro-level (e.g., cities, or even

municipalities). For all these reasons, national surveys are able to pro-

vide information that might be useful for informing national but also

local policies, for identifying corruption-prone areas, procedures or

positions at risk, population groups more exposed to corruption; or

monitoring trends over time.

4.2 | Internationalization of data collection efforts

The low number of national corruption surveys is explained first

through the fact that the analysis is focused only on surveys devel-

oped by national statistical offices or other governmental agencies,

while surveys developed either by private or academic institutes were

not included in this analysis. Second, it appears that national govern-

ments often rely on corruption data collected international organiza-

tions. This might indicate an internationalization of data collection

efforts, or that national governments focus more on the political value

of corruption measurement and compliance with international

requirements, than on the need of collecting policy-relevant evidence.

These results raise issues of reliance on external actors for generating

fundamental evidence, as well as concerns regarding context specific-

ity in gathering data. Cross-national surveys operationalize corruption

in a way that allows to obtain results that, while compliant with inter-

national standards and comparable across-countries, fail to reflect

local corruption problems and specificities. The mid-term risk of this

approach is an ill-fitting harmonization of corruption data, a flattening

of corruption problems that might lead to a loss of crucial information

regarding local and cultural dynamics. In the long-term, this approach

might also impact domestic anti-corruption efforts aligning them with

international norms and policy ideas but not focusing on context-spe-

cific, local, corruption issues. This might in turn lead to the failure of

anti-corruption policies.

Nevertheless, as noticed by Chabova (2017), in recent years, mea-

suring corruption has been emerging as a priority also for national

governments. This might indicate that national governments are

becoming more and more aware of the need of developing national

corruption surveys that comply with international recommendations

but that are also targeted at contextual and local issues.

4.2.1 | Defining the population

The main issue related to the relevance of national surveys' data for

SDG Target 16.5 is the lack of a screening question identifying the

respondents who had a contact with a public official (or private entity)

to obtain a specific service or perform a specific procedure during the

reference period of the survey. This question allows to identify

respondents that have been exposed to the risk of corruption, and

helps them to facilitate their recollection of relevant events. The lack

of this question might lead to less specific and accurate answers. This

issue affects not only the relevance and validity of surveys' results but

also their comparability. The percentage of bribes will be different

when computed as a ratio on the total number of interviewees, or as a

ratio on those who had a contact with a public official. If most people

do not interact with public organizations, should we be satisfied with

the fact that they have not witnessed bribery/corruption cases?

Should they simply be removed from the equation? The screening

question might make numbers look worse (higher levels of corrup-

tion), but be more accurate and more actionable in the end. The intro-

duction of screening questions will not increase neither survey cost

nor the burden for respondents while greatly improving the relevance

of surveys' data for SDGs and their general validity and comparability.

4.2.2 | Measuring what is easiest to measure

The results confirm a common concern in the literature

(Chabova, 2017; Knack, 2007; World Bank, 2000), namely that the

majority of surveys focus on the easiest concepts to measure, that is,

passive bribery. Furthermore, several surveys cover only bribes paid

to public officials and neglect all those requests that have not been

granted. Only the most recent surveys seem to address this challenge,

covering different forms of corruption.

4.2.3 | Social desirability issues

Another validity issue, affecting both national and cross-national sur-

veys, concerns the use of the term “bribe”, “bribery” or “corruption”
in the main question on the experience of corruption, instead of pro-

viding a more “neutral” and operational definition referring to the

exchange of money, goods, favors, or services. This might lead to

social desirability bias and underestimation of the prevalence of cor-

ruption. Indeed, the terms bribery and corruption are conventionally

considered as undesirable acts and respondents might be less likely to

report them when they are explicitly mentioned. Avoiding the term

bribery is also preferable because in many cases respondents do not

consider their experience as a form of bribery (UNODC-UNDP, 2018,

p. 85). This observation touches some of the core challenges of mea-

suring complex social phenomena and highlights the need of avoiding

terms that might be culturally biased. Amongst the surveys considered

in this paper, many remain insensitive to the social desirability issue

associated with specific wording.

4.2.4 | Data richness

The variety of questions on the experience of corruption are funda-

mental to understand the precise circumstances of corrupt events.

They enable the production of actionable information that can be

directly used for evidence-based policies targeted at, for example,

procedures that are particularly vulnerable to bribery, competent

agencies, relevant regulations and costs. However, only few of the

1270 MUGELLINI ET AL.



identified surveys include follow-up questions on the types of public

officials involved, procedures during which corruption was expected,

modus-operandi (direct request or through an intermediary), type of

requested benefit and value of the benefit. The lack of this informa-

tion does not allow for the distinction between petty and grand cor-

ruption, administrative and political corruption, favoritism and bribery.

4.2.5 | Data disaggregation

The possibility, in most surveys, of disaggregating the data by socio-

demographic characteristics of respondents is in line with interna-

tional recommendations. Besides providing important data for

orienting anti-corruption policies, disaggregated information also

answers the SDGs principle of leaving no one behind.

4.2.6 | Methodological soundness

The methodological accuracy of selected surveys is generally high.

Indeed, the experience and infrastructures of national statistical

authorities and international organizations in the survey design and

data collection phase represent a guarantee for data quality. The main

methodological issues concern the characteristics of the target popu-

lation and the way respondents are selected, but they are easily

solvable.

4.2.7 | Periodicity of national surveys

The majority of selected surveys have been conducted only once. This

is problematic, since “the value of surveys will be much enhanced by

repeatedly carrying out comparable waves that allow the measure-

ment of trends over time, the evaluation of anti-corruption measures

and prompt corrective action to be taken” (UNODC-UNDP, 2018,

p. 34). The suggested approach, in view of the evolving and constantly

changing nature of corruption, is to carry out corruption surveys at

least every 3 years to meet the requirements of monitoring corruption

trends within the SDGs framework (UNODC-UNDP, 2018). This

would lead to better and more consistent data, but also allow for

greater policy learning. This calls for a more consistent economic sup-

port from national and international agencies to avoid that a relevant

know-how is wasted because of the scarcity of resources.

4.2.8 | Data accessibility

For both national and cross-national surveys, the difficulty in

accessing the surveys' raw data emerges. This is particularly problem-

atic considering that one of the most praised advantage of sample sur-

veys is to provide data at the highest level of disaggregation. This also

runs against the transversal dynamics implied in the SGDs process,

which is openness and transparency, notably through open data

initiatives. Furthermore, the release of microdata increases transpar-

ency and thus serves to promote trust in surveys' results (UNODC-

UNDP, 2018, p. 27). Indeed, it addresses the possibility of manipula-

tion of results in order for states to appear more performing than they

are in regards to SDGs but also other international evaluative

frameworks.

Overall, identified quality challenges mainly concern the difficul-

ties in translating complex phenomena in functioning and measurable

indicators. The selection of the most easily operationalizable aspects

will lead to clear results, but at the cost of relevance. The impact will

then be in the development of truncated and incomplete policy

options that might miss out the most salient and important aspects of

the problem, specifically because they are harder to measure. How-

ever, the paper demonstrates that these challenges can be mitigated

by defining what is needed to measure, being clear what the data is

used for and choosing survey methodology appropriate, integrating

good international standards, but also looking out for examples on

how to tackle local persisting problems. There is a road ahead for

measuring complex phenomena present across all 17 SDGs and

obtaining quality data, but this road needs to be paved with clear

international benchmarks, local practical operationalization and peri-

odical quality assessments.

5 | CONCLUSIONS

This paper represents an original quality assessment of baseline data

for measuring target 16.5 on corruption. It not only identifies existing

data sources for measuring corruption but also develops a dedicated

quality assessment framework (QUEST_16.5) to evaluate their quality.

Results point both to the best-in-class efforts and to the most com-

mon informational and methodological gaps that need to be

addressed. This is crucial not only to develop solid and sustainable

monitoring systems for SDGs but also to make the best use of avail-

able statistical information for measuring corruption.

The proposed framework identifies the international benchmarks

that are necessary for an effective quality evaluation of corruption

metrics. The contextualization of generic quality dimensions and their

operationalization according to specific benchmarks represents a

starting point that can be replicated in order to test the quality of exis-

ting metrics related to other SDGs indicators.

Results are useful for policy-makers because they identify the

current shortcomings of existing national official surveys, beyond

SDGs requirements, and provide suggestions on how to overcome

them by looking at international guidelines but also considering

national priorities. Data quality should never be taken for granted

even for data that are produced by national statistical offices or inter-

national agencies. In this regard, QUEST_16.5 can be used by repre-

sentatives of national statistical offices (NSOs) to check and improve

the quality of national corruption surveys and measurements.

Raising awareness on the importance of data quality assessment

is even more relevant considering that many countries are enthusias-

tic about partnerships with private providers of big data for answering

MUGELLINI ET AL. 1271



the demand for statistics on SDGs (Merry, 2019). These new sources

of data “seem to solve the resource problem for poor countries, but

raise issues of transparency, accountability, and the possibility of fur-

ther weakening national statistical offices” (Merry, 2019, p. 147). The

key role of NSOs in gathering SDGs data and their responsibility for

validating data, adopting internationally agreed standards and assuring

quality has been widely recognized (Merry, 2019; UNStats, 2017).

Statistical agencies, and international organizations should consider

among their tasks the accreditation and certification of data sets cre-

ated by third parties or private sectors (MacFeely, 2019, p. 126). In

particular they should keep “control of quality and limit the risk of pri-

vate big data producers and users fabricating data sets that fail the

tests of transparency, proper quality, and sound methodology”
(Hammer et al., 2017, p.19). The QUEST_16.5 could support this addi-

tional task of NSOs and international organizations and be used to

check the quality of third parties and private sector data in measuring

corruption. Similarly, big data producers, such as non-governmental

organizations (e.g., NGOs and universities), can use QUEST_16.5 to

develop a “self-assessment” of the quality of their corruption metrics.

For academics, this paper facilitates secondary data use by ana-

lyzing the content of existing national official surveys on corruption

and identifying their level of validity, accuracy and comparability. It

also supports the ex-post harmonization of survey data necessary to

compare surveys results across countries. Furthermore, it provides a

repository of information on existing corruption surveys and raises

awareness among potential users of the existing data richness.

The main limitations of this analysis is the exclusion of those sur-

veys developed by private research institutes and organizations, and

those surveys for which documents are not publicly available, or publi-

shed in a language different from those covered in the literature search.

Future research should better test the validity of survey's outputs

by using specific quantitative tests (e.g., test–retest reliability, alterna-

tive forms, split-halves, inter-rater reliability, and internal consistency)

and their coherence over time and across countries. The same analysis

could be also replicated for corruption surveys developed by private

organizations. This would represent an additional quest for identifying

high-quality indicators for SDGs monitoring, but also to question and

improve the current set of SDGs indicators in order to make it more

suitable for national and local policy design, and not only for political

purposes.

Indeed, a common problem to all SDGs indicators is that they

cover only small parts of each goal (Merry, 2019). This paper confirms

this concern demonstrating how SDGs indicators on corruption mainly

focus on the easiest concept to be measured–bribery–instead of

addressing corruption in all its forms. Besides validity problems, this

approach might also raise political issues. Indeed, it has been demon-

strated that bribery is a type of corruption that occurs more fre-

quently in developing than developed countries, where corruption

problems are mainly linked to grand corruption (Graycar, 2015;

Johnston, 2005; Johnston, 2013). The SDGs approach to corruption

measurement, somewhat neglecting grand corruption, might underes-

timate corruption problems in more developed contexts, and thus fail

to properly monitor corruption trends in these environments.

Furthermore, many of the existing SDGs indicators provide evi-

dence of problems but do not address those factors that might help to

solve the problem (Merry, 2019). In the case of corruption, they pro-

vide information on the prevalence of bribery in a given country but

not on the presence of specific anti-corruption policies and their

effectiveness.

Finally, this analysis confirms the political value of quantifying cor-

ruption and its influence on state behavior and global governance

(Cooley & Snyder, 2015). It demonstrates that not only the results of

corruption metrics, but also the production of corruption measure-

ments are highly politicized (Wickberg & Mugellini, 2020). Corruption

metrics and rankings often form the basis for foreign investment deci-

sion, blacklisting of countries or significant processes such as countries'

accession to the European Union. At the same time, the development

of corruption measures is frequently seen as a mere necessity for meet-

ing international standards and requirements (Keck & Sikking, 1999),

rather than a means to generate evidence to tackle national problems.

This is especially true under the umbrella of UN SDGs, clearly showing

the growing influence of international non-governmental, non-state,

actors and networks on measurement priorities and policies.
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ENDNOTES
1 The UN Interagency and Expert Group on SDG Indicators (IAEG-SDGs)

periodically classifies SDG indicators into three tiers on the basis of

their methodological development and data availability across Member

States (see Tier Classification for Global SDG Indicators https://unstats.

un.org/sdgs/iaeg-sdgs/tier-classification/).
2 https://unstats.un.org/sdgs/iaeg-sdgs/tier-classification/
3 Report of the Inter-Agency and Expert Group on Sustainable Develop-

ment Goals Indicators (E/CN.March 2, 2017*).
4 Whether or not a measure reflects the underlying concept to be moni-

tored (Drost, 2011).
5 Other, more indirect methods for measuring corruption such as expert

assessments and composite indices, entail a combination of subjective

assessments, perceptions and other data that might be linked to corrup-

tion (UNODC-UNDP 2018, p. 20–25).
6 Proportion of persons who had at least one contact with a public offi-

cial and who paid a bribe to a public official or were asked for a bribe

by those public officials, during the previous 12 months. Report of the

Inter-Agency and Expert Group on Sustainable Development Goals

Indicators (E/CN.March 2, 2017*).
7 Proportion of businesses who had at least one contact with a public

official and who paid a bribe to a public official or were asked for a

bribe by those public officials, during the previous 12 months. Report

of the Inter-Agency and Expert Group on Sustainable Development

Goals Indicators (E/CN.March 2, 2017*).
8 UNODC-UNDP (2018) project on “Producing methodological guide-

lines on the measurement of corruption at national level”
9 United Nations bodies (and in some cases, other international organiza-

tions) responsible for compiling and verifying country data and meta-

data, and for submitting the data, along with regional and global
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aggregates, to the United Nations Statistics Division (UNSD). https://

www.sdg6monitoring.org/activities/roles-and-responsibilities/
10 S2 and S3 in the Supporting Information present basic information on

each of the identified survey projects.
11 Metadata 16_05_02 https://unstats.un.org/sdgs/metadata/?text=&

goal=16
12 QUalityEvaluationSdgTarget16.5
13 Metadata 16_05_02 https://unstats.un.org/sdgs/metadata/?text=&

goal=16
14 When measuring human behavior and social phenomena, it is frequent

to hear also about construct validity as a dimension of accuracy.

According to Drost (2011, p. 116) “construct validity refers to how well

a concept, idea, or behavior – that is a construct – is translated or trans-

formed into a functioning and operating reality, the operationalisation”.
15 In the majority of countries, this is considered as the legal adult age that

allow individuals to interact with public officials for official administra-

tive procedures.
16 This ensures the reliability of surveys' results as it enables the probabil-

ity of each sampling unit (individual) being included in the sample and,

thus, the sampling weights used in the estimation phase to be calcu-

lated properly (UNODC-UNDP, 2018, p. 74).
17 Face-to-face and CATI are those survey modes presenting the highest

response rates for corruption surveys.
18 https://www.access-info.org/blog/2020/07/17/open-sdg-data-key-

agenda-2030/
19 When the public official or private entity asks, solicits, or lets the citizen

understand a bribe is necessary to obtain a specific service or avoid

fees/fines.
20 Proportion of persons who had at least one contact with a public offi-

cial and who paid a bribe to a public official or were asked for a bribe

by those public officials, during the previous 12 months. Report of the

Inter-Agency and Expert Group on Sustainable Development Goals

Indicators (E/CN.March 2, 2017*).
21 Proportion of businesses who had at least one contact with a public

official and who paid a bribe to a public official or were asked for a

bribe by those public officials, during the previous 12 months. Report

of the Inter-Agency and Expert Group on Sustainable Development

Goals Indicators (E/CN.March 2, 2017*).
22 As stated in the UNODC-UNDP Manual (2018, p. 83): “In a corruption

survey among the general population, it is preferable to use a screening

question based on public officials, as this ensures more comprehensive

coverage of citizens’ bribery experiences. That is because contact with

public officials does not always take place in relation to a specific pro-

cedure (e.g., when dealing with police officers or teachers). Further-

more, citizens seem to recall contacts and dealings with people (in this

case public officials) better than occurrences related to procedures”.
23 Information related to Suggestions are not available for all identified

surveys. When the information is available, it appears that large generic

surveys are more likely to stick with these suggestions, because they

usually have big sample and they need to pilot the questionnaire and

methodology or to perform cognitive testing. Besides this structural

reason, there are also reasons linked to the available resources.
24 I.e.; V&S_P_LUX; VS_P_KEN; VS_P_EGY; VS_P_TZA; VS_P_UGA;

VS_P_RWA; SCC_P&B_CPV; VOCS_P_ZAF.
25 “Thinking about these contacts in the past 12 months has anyone in (OUR

COUNTRY) asked you or expected you to give a gift, favor, or extra

money for his or her services”. (European Commission, 2017, p. 120).
26 “Has anyone asked or expected someone from your company to pay a

bribe for any of the following permits or services?”. (European Commis-

sion 2015, p. 159).

27 “In some countries, there is a problem of corruption among government

or public officials. During 2004, did any government official, for

instance a customs officer, a police officer, a judge or inspector in your

country ask you, or expected you to pay a bribe for his or her services”.
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